
In the age of AI-driven content generation and summarization, one pressing question often comes up: should I
use thinking mode for summarization? With companies like Four Dots, Suprmind, and OpenAI pushing the
limits of large language models (LLMs), the promise is tempting—more intelligent, reasoning-driven summaries
that sound human and accurate. But under the hood, things are more complicated.

This post dives into why reasoning mode can increase hallucination risks, how AI hallucinations translate
into measurable business costs, and why verification overhead hides a significant labor spend. We’ll also
touch on domain-specific risks in sensitive verticals and explain why no single AI model reigns supreme, even in
orchestrated multi-model platforms like Suprmind's five-model setup across GPT, Claude, Gemini, Grok, and
Perplexity.

AI Hallucinations: A Measurable Business Cost
Hallucinations, where AI invents plausible-sounding but factually incorrect information, are more than just
technological quirks. They pose a concrete cost to businesses relying on automated summarization:

Lost trust: Clients and stakeholders quickly lose confidence in outputs that contain errors.

Operational risks: Mistakes in critical content like contracts or healthcare documents can have severe legal or
compliance consequences.

Financial impact: Faulty summaries can cause costly errors downstream, from wrong business decisions to
regulatory fines.

Take Vectara's work in summarization faithfulness. Their research clearly shows the degree of hallucination directly
correlates with the risk appetite of enterprises. The cost of trusting a hallucinated summary without human checks
can easily outweigh the time savings initially gained.

Why Reasoning Mode Increases Hallucination

Thinking mode, or "reasoning mode," invokes complex multi-step logical processes in LLMs with the expectation of
better comprehension and more accurate outputs. Intuitively, that sounds ideal for summarization. However, the
mechanism tends to encourage the model to "fill in the blanks" when uncertain.

As a result, reasoning can paradoxically increase hallucination because the model generates speculative
reasoning rather than sticking to verified facts. Essentially, the AI tries too hard to "make sense" of ambiguous or
incomplete inputs, leading to more confident but incorrect statements.

From my experience overseeing AI workflows since 2015, this adds a hidden operational cost: increased verification
overhead. QA teams must spend extra cycles catching subtle errors that reasoning mode introduces.

Verification Overhead: The Hidden Labor Spend
One common blind spot in AI integration is underestimating the verification labor necessary to ensure output
quality. Clients often imagine automation will save massive time by eliminating human input entirely, but reality is
messier:

AI summaries, especially reasoning-driven ones, require domain expert reviews to ensure no hallucinated
facts slip through.



Verification overhead—cross-referencing, fact-checking, and auditing—can consume 30-50% of the total
project time depending on content complexity.

For highly regulated sectors like finance or healthcare, this overhead can balloon further due to the legal and
compliance risk of mistakes.

Companies like Suprmind recognize this challenge; their multi-model chat platform is designed partly to reduce
hallucination impacts by layering model outputs and cross-validating interpretations. Their five-model
orchestration across GPT, Claude, Gemini, Grok, and Perplexity exemplifies a pragmatic approach to balancing AI
capabilities and accuracy.

Domain-Specific Risks: Legal, Healthcare, Finance

Not all summarization use cases have equal risk. In domains where errors lead to non-trivial consequences, the
cost of hallucinations climbs steeply:

1. Legal contracts: Summarizing contracts safely is a huge pain point. Missing or incorrect clause summaries
can result in litigation or misinformed negotiations.

2. Healthcare documents: Inaccurate summaries of patient data or clinical guidelines endanger lives and open
liability gaps.

3. Financial reports: Hallucinated data here can mislead investors or trigger regulatory penalties.

Trying to apply thinking mode summarization blindly in these verticals is risky business. Instead, layering AI
outputs with human validation and careful QA checklists remains best practice. Four Dots’ insights into industry-
specific AI adoption underline this measured approach.

Benchmark Variability: There Is No Single Best Model
One trap buyers fall into is believing there’s a single, best AI model for summarization or reasoning. Benchmark
variability is significant across datasets, tasks, and evaluation criteria:

Model Strengths Weaknesses Best Use Case GPT (OpenAI) Strong general reasoning, fluent text generation
Hallucinates under reasoning mode, costly API usage Creative summarization, flexible domains Claude Strong
safety guardrails, fewer inflammatory outputs Less creative, variable technical accuracy Customer support,
compliance-sensitive summaries Gemini Advanced multi-modal capabilities Emerging, less battle-tested Mixed
media summarization Grok Rapid response, lightweight computation Less nuanced summarization Quick
overviews, low-risk content Perplexity Strong factual lookup integration Less coherent narrative generation Fact-
focused summarization

This is why platforms like Suprmind combine and orchestrate five models into a single workflow. The goal is to
harness complementary strengths and offset each model’s weaknesses—balancing creativity, faithfulness, and
domain fit. For teams who want better Vectara summarization faithfulness, such orchestration is becoming a
necessity rather than a luxury.

Summarize Contracts Safely: Practical Tips
If you must use AI for sensitive summarization like contracts, here are blunt, experience-backed rules:

1. Don’t trust reasoning mode blindly: Use it for draft ideas but expect substantial human oversight.

2. Cross-check with multiple models: Adopt multi-model tools like Suprmind’s platform to avoid single-model
hallucinations.



3. Maintain human-in-the-loop verification: Employ legal or domain experts to vet summaries rigorously.

4. Measure hallucination cost explicitly: Track how much extra labor and risk mitigation your AI summaries
incur.

5. Adapt summarization style by domain risk: Less creative, more fact-focused models for legal/finance;
more flexible for marketing or internal memos.

Conclusion
So, should you use thinking mode for summarization? The short answer is: be cautious. While reasoning modes
promise smarter, more insightful summaries, they tend to increase hallucinations, thus raising hidden verification
costs. In sensitive domains—legal, healthcare, finance—these risks translate into material business liabilities.

Leading companies like Four Dots, Suprmind, and OpenAI are actively developing sophisticated multi-model
orchestration platforms to hedge against fourdots.com these flaws. Leveraging models like GPT, Claude, Gemini,
Grok, and Perplexity together balances out their individual weaknesses for stronger, more faithful summaries.

Ultimately, successful AI summarization requires marrying advanced technology with rigorous, domain-specific QA
processes and transparent labor cost accounting. That’s how you summarize contracts safely, keep hallucinations

https://fourdots.com/business-impact-of-ai-hallucinations-rates-and-ranks


within tolerable limits, and make AI a business accelerator—not a risk multiplier.


