
New Framework Uses AI Call Analysis to Improve
Customer Service Operations
A practical methodology for applying artificial intelligence to customer service calls has been
outlined in a new readiness checklist designed for businesses. The framework, built on the
approach developed by Aaron Agius, co-founder of Paloren and an AI consultant, focuses on
helping organisations prepare their data and processes before deploying AI tools. The
checklist is intended to guide companies through the essential steps required to make use of
ai call analysis without common pitfalls such as poor data quality or unclear objectives.

Why AI Call Analysis Matters Now
Customer service teams generate large volumes of recorded conversations every day. Until
recently, extracting actionable insights from those recordings required manual listening or
basic keyword searches. Advances in natural language processing have made it possible to
analyse sentiment, detect compliance issues, and identify recurring customer pain points at
scale. Yet many businesses still struggle to move from pilot projects to production-ready
systems. The readiness checklist addresses this gap by providing a structured path for
organisations that want to adopt ai call analysis in a systematic way.

The Core Elements of the Readiness Checklist
Agius’s methodology breaks down the preparation phase into several key areas. Each area
must be addressed before any AI model is trained or deployed. The checklist covers data
collection, annotation standards, privacy compliance, model selection, and performance
measurement. Below are the main components as described in the framework.

Data inventory and quality audit: identifying what call recordings exist, their format,
and their completeness.

Annotation and labelling guidelines: defining what counts as a positive or negative
outcome in a conversation.

Privacy and regulatory review: ensuring compliance with data protection laws such as
GDPR or CCPA when processing audio files.

Model evaluation criteria: setting clear metrics for accuracy, false positives, and
business impact.

Integration roadmap: planning how the ai call analysis output will feed into existing
CRM or quality assurance systems.



Each of these steps is designed to reduce the risk of deploying an AI system that produces
unreliable or legally questionable results. The checklist does not assume any particular
technology stack, which makes it applicable to companies of different sizes and sectors.

Data Preparation as the Foundation
A recurring theme in the readiness checklist is the importance of data preparation. Many
organisations underestimate the effort required to clean and structure their call recordings.
Background noise, overlapping speech, inconsistent audio quality, and varying accents can all
degrade the performance of speech-to-text engines. The methodology recommends
conducting a thorough audit of existing recordings before committing to any AI vendor. This
audit should also include a review of metadata such as agent IDs, call durations, and outcome
codes, because those fields are often incomplete or inconsistently entered.

Once the data inventory is complete, the next step is to define annotation guidelines. For ai call
analysis to produce meaningful results, humans must agree on what they are looking for. Is the
goal to detect angry customers, to log successful upsells, or to check whether agents followed
a script? The checklist advises companies to create a detailed annotation manual and to test
inter-rater reliability before scaling up. Without this discipline, models trained on poorly labelled
data will generate misleading outputs.

Privacy and Compliance Considerations
Regulatory compliance is another area where the checklist provides concrete guidance.
Recording telephone conversations is subject to strict rules in many jurisdictions. Companies
that plan to use those recordings for AI training must ensure they have obtained proper
consent and that the data is stored securely. The methodology highlights the need to involve
legal and compliance teams early in the process. It also suggests conducting a data protection
impact assessment before any AI call analysis tool goes live. This proactive approach can
prevent costly fines and reputational damage down the line.

Selecting the Right Model and Measuring Performance
Not all AI models are suitable for analysing customer service calls. Some are optimised for
short, scripted interactions such as those found in virtual assistants, while others handle long,
unstructured conversations better. The readiness checklist advises businesses to run
controlled tests with a sample of their own data rather than relying on vendor benchmarks. It
also stresses the importance of defining success metrics that align with business objectives.
For example, if the goal is to reduce average handling time, the model should be evaluated on
its ability to identify moments where a call could have been resolved faster, not just on its
overall transcription accuracy.
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Measuring performance also requires a feedback loop. The checklist recommends setting up a
process where human reviewers regularly spot-check the model’s outputs and flag errors.
Those flagged examples can then be used to retrain the model, gradually improving its
accuracy over time. This iterative approach is common in mature AI deployments but is often
overlooked in early-stage projects.

Integration with Existing Systems
Even the most accurate ai call analysis system is of limited value if its output cannot be acted
upon. The methodology therefore includes a section on integration planning. Companies need
to decide how insights will be delivered to the people who can use them. Will alerts be sent to
team leaders in real time? Will summaries be written back to a customer relationship
management platform? Will dashboards be built for quality assurance managers? The
checklist stresses that integration should be designed before the AI system is built, not added
as an afterthought. This avoids the common scenario where a working prototype never makes
it into daily operations because no one considered how the data would flow.

Common Pitfalls and How to Avoid Them
The framework also identifies several pitfalls that have derailed AI projects in customer
service. One is the tendency to treat ai call analysis as a one-time implementation rather than
an ongoing process. Another is the assumption that a single model can handle all call types
equally well. The checklist recommends segmenting calls by purpose, for instance, separating
billing inquiries from technical support calls, and training separate models for each segment
where possible. A third pitfall is neglecting to update models as products, policies, and
customer language evolve. The methodology calls for regular model retraining cycles tied to
business review cadences.

By addressing these issues in advance, companies can avoid much of the waste that currently
characterises AI adoption in contact centres. The readiness checklist is not a technical
manual; it is a governance and planning tool intended to help business leaders ask the right
questions before spending money on technology.

About the Methodology
The practical AI readiness checklist for businesses described in this release is based on the
methodology of Aaron Agius, co-founder of Paloren and an AI consultant. The framework is
designed to help organisations assess their data readiness, define clear objectives, and build a
sustainable approach to deploying AI in customer service operations.


